Cunabyc HaBYABLHOT UCIUTLTIHA

No Hasga nosist JleTanbHUN KOHTEHT, KOMEHTap1
l. Hasga daxynbrery @axynpTeT KoM I0TepHUX HayK
2. PiBens BHIIOT OCBITH Hpyruii (Maricrepcbkuii)
3. Kop 1 Ha3Ba crienianbHOCTI 122 KoM 10TepHi HayKu
4. Turm 1 Ha3Ba OCBITHHOT OHII «CucteMu ITYYHOTO IHTETICKTY»
porpamMu
5. Hassa qucrmrininu ['muOuHHEe HaBUAHHS JJIS IHTENIEKTYAILHOTO aHalli3y
(iadopwmariis 3 IIICT) TEKCTIB
6. Kinekicts €EKTC kpeautiB 5
7. CTpyKTypa TUCIUTITIHA Jlexmii — 30 roxuH, mpakTU4HI 3aHATTS — 24 TOJIWHH,
(po3moia 3a BUAAMH Ta KoHCynbTamii — 10 romuH, camocriiiHa pobota — 86
rOJIMHAMH HAaBYAHHS) roauH. CEeMECTpOBHI KOHTPOJIb — 3alliK.
8. I'padik (Tepminn) BUBUEHHS | 2-H pik, 3-if cemMecTp
IUCIAIUIIHA
9. [lepeaymoBu 17151 HABYAHHS Panime  wmaroTh OyTM  BUBYEHI  JAWCHUILIIHU:
3a QUCILUILTIHOO OOuwnCIIOBaIBHUN 1HTENEKT, MoJel JaHUX Ta 3HaHb B
IHTENEKTyalbHUX iHpOopMaLiifHuX CUCTEMAX,
I'muOuHHe HaBYaHHS HEMPOHHUX MEpPEex
10. Amnorartis (3micT) BubipkoBa aumcuuiuliHa IUKITY TpodeciiiHoi  Ta

IUCIAIUIIHA

MPAKTUYHOI IMATOTOBKM 332  OCBITHBOIO MPOTPaMOIO0
«CHcTeMH HITYYHOTO IHTENEKTY», MICTUTh 3MICTOBI
MOYJI:

1.  Bcmyn 00 o6pooku npupoonoi moseu (Natural
Language Processing, NLP). Koprycu TeKCTiB,
TOKEHM, THMH. YHIrpamu, Oirpamu, TpUrpamy, ...n-
rpamu. Jlemu Ta ocHOBH ciiB. Kareropusartiist peueHb
Ta JOKyMeHTiB. Kareropusaiisi ciiB: MapKyBaHHS
yacTUH MoBH. Kareropuzailis BIIpI3KiB TEKCTY:
po30uBKa Ha mopuii 1 po3mi3HaBaHHA IMEHOBAaHUX
cytHocTer. CtpykTrypa pedeHb. CeHC 1 ceMaHTHKa
CIB.

2.  Bukopucmannsa YnepeoHcysanbHux
HeUpoOHHUX Mepexc 01 00poOKU npupoOHO-MOBHUX
mexcmis. bararomaposuii neprentpon (Multilayer
Perceptron, MLP). Peamizamis MLP y PyTorch.
Bupimenns 3amay  kimacudikamii  mpi3Bum  3a
noromoroto MLP. KonBosmomniiiHi HEWpOHHI Mepexi
(Convolutional Neural Networks, CNN).
Knacudixarist peuens 3a gonomororo CNN.

3.  Bknaodewnsa cnie i inwmux munie (Word
Embedding). EdextuBHicTh BkiaaeHb. [ligxomu no
HaBYaHHS BKJIQJICHHSIM CIIB. [IpakTnune
3aCTOCYBaHHSI MEPEIHABUCHUX BKJIAJICHB CIIIB.

4. Mooenweannsa nociiooenocmeil 011 00pooKu
npupoono-moenux mekcmie. PexypeHTHI HEHpOHHI
mepexi (Recurrent Neural Networks, RNN), moznemi
TUIY «KOJUPOBIIUK-IEKOAUPOBIINK», KOHTEKCTHO
00yMOBJIEHA TEHepallis, JBOHAIPaBJICHI PEKYypEHTHI




mozemni. OmiHka e(peKTHBHOCTI Mojeieil TeHeparii
nociigoBHOCTeH. HelipoHHUI MalIMHHUHN TIepeKIIa.
5. Ilepcnekmueni  nanpamu  3acmMoCy8aHHA
2IUOUHHO20 HABYAHHA 071 O00pPOOKU RPUPOOHOT
Mmoeu. KoMmmosuiliss pi3HUX apXITEKTyp HEHPOHHHUX
MepeX JUIs BUpIMIEHHS 3a1a4 OOpOOKHM HPUPOIHO-
MOBHHUX TEKCTIB.

11.

KoMneTeHTHOCTI, 3HAHHS,
BMIHHSI, pO3YMiHHS, SKUMHU
OBOJIOAIE 3700yBa4 BUIIIOT
OCBITH B IPOLIECI HABYAHHS

Jucuurutina — cipusie  GOPMYBaHHIO Ta  PO3BHUTKY
HACTYITHUX KOMIIETEHTHOCTEH:

3K 1. 3marHicTh 10 aOCTPAaKTHOTO MHUCIIEHHS, aHATII3y
Ta CHHTE3Y.

3K 2. 31aTHICTh 3aCTOCOBYBATH 3HAHHS Y NMPAKTUYHUX
CUTYAITisIX.

3K3. 31aTHICTh CIIUTKYBATHCS IEPKABHOIO MOBOIO SIK
YCHO, TakK i MMCEMOBO.

3K4. 31aTHICTh CIIUIKYBATHCS 1HO3EMHOIO MOBOIO.

3KS5. 3natHicTh BUNTHCS i OBOJIO/IIBATH CY4aCHUMHU
3HAHHSMU.

3K7. 3natHicTh reHepyBaTH HOBI i1 (KpeaTUBHICTD).
®OK1. Po3yMiHHS TEOpEeTHYHHUX 3acajl KOMIT FOTEPHUX
HayK JUisi 00 ’€KTUBHOTO OIIHIOBAHHS MOXJIMBOCTEH
BUKOPUCTAHHS OOYHCITIOBAIBHOI TEXHIKM B TEBHUX
mporecax — JIFOJCBKOiI  MISJIBHOCTI 1 BU3HAYCHHS
MEePCIEKTUBHUX 1HPOPMAIIHHUX TEXHOJIOT1H.

@®KS8. 3maTHICTh 3aCTOCOBYBATH ICHYIOUI 1 pO3pOOIATH
HOBI aJTOPUTMU pO3B’sA3yBaHHSA 3aJad y Tallysi
KOMII'FOTEPHUX  HAyK:  QITOPUTMU  DPO3B’A3aHHS
OOYMCIIIOBAIBHUX Ta JIOTIYHUX 3aJad, aJIrOpUTMHU
napaieabHUX Ta PO3MNOJUICHUX O0YHCIIEHb, aJTOPUTMH
aHATITUYHOI OOpOOKM ¥ 1HTEJNEKTYyaJbHOTO aHali3y
BEJIMKMX JAHUX 3 OIIHKOI IX e(eKTUBHOCTI Ta
CKJIQIHOCTI.

OK14. 3paTHICTH BUSBIATH NpoOIEeMHI cHUTyarii B
MpoIrieci eKcIuTyatarlii MporpaMHOTO 3a0e3MeueHHs 1
dbopMmymoBaTi 3aBHaHHS Ui Horo momudikamii abo
PEIHXKUHIPUHTY.

@®K15. 3parHicTh aHami3yBaTH Cyd4acHi CBITOBI
TEHJCHIII PO3BUTKY KOMIT IOTEPHUX HAyK Ta YSBIATU
NEPCIEKTHUBH PO3BUTKY 1H(OPMAIIHHUX TEXHOJIOTIH,
MOJICITIOBATH TIPOIIECH PO3BUTKY 1 TpaHcdopMmartii
iH(pOopMaMiifHO-KOMYHIKaLIHHUX TEXHOJIOT1! B
MpaKTUYHINA TpodeciiiHii poOOTI.

@®K17. 3natHicTh 10 aHamizy 6i0miorpadidHux Kepen
y BIJIIOBITHOCTI /10 TIEBHOT HAYKOBO-TEXHIYHOI 3a/1a4i:
BMITH IIPOBOJIUTH TOIIYK 1 MOPIBHAJIBHUNA aHAaIi3
610morpadgiyHuX HKEPE y BIAMOBITHOCTI 10
IOCTABJICHOI METH, BU3HAYATH HENNOBHOTY HAsBHO1
HayKOBO-TEXHIYHOI 1H(OopMaIrii.

OK18. 3pgaTtHICTP [0 TPEACTABICHHS HAYKOBHUX
pe3yabTaTiB: 3HATH CTAHJAAPTH 1 BUMOTH JI0 HAYKOBO-




TEXHIYHUX TEKCTIB y Tally3l KOMIT FOTEPHHX HayK,
BMITH LUTyBaTu Oi0miorpadiuni pKepena, po3yMiTH
BHMOTH JI0 aKaJIEMIYHOI TOOPOYECHOCTI.

12.

Pesynbratn HaBuYaHHS
3100yBayva BUIIOi OCBITH

[IPH1. InentudikyBaTd TMOHATTSA, QJITOPUTMH Ta
CTPYKTYPH JaHMX HEOOXIJHI I OMUCY MPEIMETHOI
obnacti po3poOKku abo MOCHIKEHHS; 3a0e3MeUUTH
IEKOMITO3MINI0 [OCTaBJIE€HOI 3amayi 3  METOIO
3aCTOCYBaHHS

ITPH 2. OOGupaTu HaJeXHI 3acO0U 7151 pO3pOOKH
a0o mocmi/pkeHHs (MOBa MpOrpaMyBaHHS, MPOTPaMHE
3a0e3medeHHs), M0 03BOJISIOTh 3HAWTH MPABUIIBHE 1
e(eKTHUBHE PilLICHHS.

[TPH3. AmnamizyBaTé TpOMIXKHI PE3ylbTaTH PO3POOKH
a00 JOCHIKEHHS 3 METOIO 3'ICYBaHHS 1X BiMOBITHOCTI
BUMOTaM; pO3POOJISATH TECTH Ta BHUKOPHCTOBYBATH
3aco0u Bepudikamii, MO0 NEepeKOHATUCS Yy SKOCTI
MIPUAHSATHX PIIICHb.

[IPH6. BusHavaru, OIiHIOBaTH Ta MOPIBHIOBATH Pi3Hi
TEXHOJIOT11 (METOM, MOBH, aITOPUTMH, rpadiku poodiT)
3 METOIO BCTAHOBJICHHS MPIOPUTETIB y BiJMOBITHOCTI 3
PI3HUMHU KPHUTEPISIM TPOAYKTUBHOCTI Ta SIKOCTI, IO
BU3HAYEH] 3aBJAHHSM.

[IPH7. BomoxiTn mnpuHOMUIIAMH, TEXHIKAMH Ta
3acobamMu  po3poOku  abo  JOCHIDKEHHS, IO
BUKOPHUCTOBYIOTBCSI y TIPEIMETHIN 00JyacTi po3poOKHu
abo JIOCITIJIKSHHS; CTBOPIOBATH MPOTOTHITN
MIPOTrpamMHOTO 3a0e3TEeUeHHS, MO0 MEePEeKOHATHCS, IO
BOHO BIJIMIOBiZJa€ BUMOTaM JI0 PO3pPOOKH; BUKOHYBATH
HOro  TecTyBaHHS 1 CTaTUYHMM  aHami3, 1100
NEPEeKOHATUCS Y BIATOBIAHOCTI 3aBJaHHIO PO3POOKH
a00 IOCHIKEHHS.

[TPHI11. KopucryBatuce JOKYMEHTAIIIEI0 1
JOBIIKOBUMH  MaTepiajlaMH,  IMAPYYHUKAMH YU
NOCIOHMKAMHU 3 PO3POOKH MPOrpaMHOro 3a0e3MeUYeHHS;
BMITH THCAaTH TEXHIYHI 3BITH 1 MPE3eHTYBATH
pe3yabTaTH CBOEI POOOTH SK JIEPXKABHOIO TakK 1
1HO3EMHOI0 MOBaMHU.

[IPH14. BwmiTH mpoBOAWTH TONIIYK 1 TMOPIBHSUTBHUI
aHamiz OibmiorpadiyHuX JKepen y BIAMOBITHOCTI 110
IIOCTaBJICHOI METH, BHU3HA4YaTH HEIOBHOTY HAasBHOIL
HAYKOBO-TEXHIYHOT iH(OpMaIii.

[TPH15. AmnamizyBatm cy4acHi CBITOBI TEHJIEHIIIi
pPO3BUTKY  KOMITIOTEPHHX  HAyK Ta  YSBISITH
MEePCIEKTUBHU PO3BUTKY 1H(MOPMAIIHHUX TEXHOJIOTIH.
[MPH16. 3natu craHmapTd i BUMOTH JO HayKOBO-
TEXHIYHUX TEKCTIB y Tally3l KOMIT IOTEPHUX HayK,
BMITH LUTyBaTu Oi0miorpagiuni pKepena, po3yMiTH
BUMOTH JI0 aKaJIEMIYHOI TOOPOYECHOCTI.

13.

CucremMa OIL[IHIOBaHHS
BIMOBIAHO 10 KOYKHOIO
3aBIaHHS IS CKJIaJaHHs

1. ImguBimyasbHI 3aBHaHHS, CTYAEHTCHKI TPE3EHTAIlil
Ta BUCTYIHU Y HAYKOBUX 3aX0JaX.
2. Jlma miacyMKOBOTO KOHTPONIO y (opMi 3alliKy




3alTliKy/€K3aMeHy

JUTSL OI[IHIOBAHHS pOOOTH CTYACHTA MPOTITOM CEMECTPY
BUKOPUCTOBYIOTh MIJCYMKOBY PpEHTHHIOBY OIHKY
Pn=Ocem. Or1iHKy 3a ceMecTp OOYHUCIIOITH K CyMy
OLIIHOK 3a pi3Hi BUAW 3aHATh. [liicymKoBa pedTHHroBa
omiHka 3a ceMectp oOuucmoeTbes y 100-OanbpHii
cHCTEMI.

14.

SAKiCTh OCBITHBOTO TIPOILIECY

JloTpuMaHHS TIPUHIUIIIB aKaJIeMiuyHO1 TOOPOYECHOCTI
(http://lib.nure.ua/plagiat). OHOBIIEHHSA pobouoi
nporpamu nucuuiuiiad — 2021 p. BukopuctoByroThcs
CydacHe IHTEepakTHBHE XMapHe cepenoBuiie Google
Colab Ta wMoBu mporpamyBanHs Python, cydacHi
wiarpopMu A BEIMKOMACIITAOHUX OOYMCIIEHb B
MalImHHOMY Ta TMOuMHHOMY HaB4yaHHI TensorFlow,
PyTorch.

15.

MertonnyHe 3a0e311eYeHH

1. KoMIuiekc HaBYaIbHO-METOANYHOIO 3a0e3IedYeHHs
HABYAIIbHO! JTUCHUILTIHU «[ TMOMHHE HaBYaHHS IS
IHTEJICKTYaJIbHOTO aHalli3y TEKCTIB» I CTYACHTIB
ycix ¢opM HaBuaHHS 3a CHOEMialbHICTIO 122
Komm’rotepri nayku, OHIT «Cucremu mTydHOTO
inTenekty» [Enexrponnuii pecype] / XHYPE; po3po6.
Ps6osa H.B. -X. XHYPE, 2021.- 28 c.

16.

Po3poOHuuk cunabycy
(nmocana, ITIb, en. momTa)

H.B. Ps6oBa, npodecop xad. LI, k.T.H., m01I..
e-mail: nataliva.ryabova@nure.ua



http://lib.nure.ua/plagiat
mailto:nataliya.ryabova@nure.ua

