Cunabyc HaBUaILHOT TUCIUILTIHA

No Hasga nosst JleTanpbHUI KOHTEHT, KOMEHTapi
1. HasBa dakynpTrery @axyspreT KoM’ 1oTepHUX HayK
2. PiBeHb BHIIO] OCBITH [Meprnii (6akagaBpChKHiA)
3. Kox 1 Ha3Ba cnenianbHOCTI 122 Komn'10TepHI HAyKH
4. Tum 1 Ha3Ba OCBITHBOI OIIII «IITy4ynuit iHTETEKT»
IpOTpamMu
5. Hazsa qucrumniigu MammHHe HaBYaHHS
(indopmartis 3 LICT)
6. Kinekicte €EKTC kpenuris 6
7. CTpyKTypa TUCIUTITIHA Jlexmii — 36 roawH, mpakTH4YHI 3aHATTS — 36 TOIUH,
(po3moia 3a BUAAMHU Ta KoHCyNbTalii — 12 roauH, camocTiiiHa po6ora — 96
rOAMHAaMU HaBYaHHs) roauH. CemecTpoBUI KOHTPOJIb — ICHHT.
8. ['padik (Tepminn) BuBUeHHs | 3-i pik, 6-if cemectp
TUCLAILIIHU
9. IlepenymoBH i1 HaBYaHHS Panime marore Oyt BuBUeHI maucnmiutiad: Teopis
3a JUCLHUIUIIHOIO HMOBiIpHOCTEH, IMOBIPHICHI TIPOIIECH Ta MaTeMaTUYHA
CTaTUCTHKA, [IporpamyBaHHs Ha Python,
[HTEeneKTyansHUM aHai3 JaHuX
10. Amnorartis (3micT) OO0oB’s13k0Ba  TUCHMIUIIHA LUKIY THpodeciiHoi Ta

ITUCLAILIIHU

MPAKTUYHOI TIATOTOBKH 32  OCBITHBOIO IMPOTPAMOIO
«ITyuHuil iHTEIEKT» MICTHTH 3MICTOBI MOJTYJIL:
3micToBuii Moayab 1. BBeneHHsI 10 MAIIMHHOIO
HABYaHHS.

Tema 1. Ilpeamer i 3amaui aucrmmainu. Exlainable Al.
OCHOBHI MOHATTS MAIIMHHOTO HABYAHHS.

Tema 2. JI>xepena HaBYAIBHUX JaHUX. MOBH,
610i0TEeKH Ta CEpeIOBUINA, 1110 BUKOPUCTOBYIOTHCS
¢daxiBusimu MH.

Tema 3. Tunu HaBuanHs, Kiacudikais metonis MH.
dopmaiibHa ioctaHoBKa 3agayi MH. OriHroBaHHS
YCHIIIHOCTI HABUAHHSI.

Tema 4. I'inore3u. [TpocTip rimore3 Ta mpocTip BepcCii.
3micToBuii Moayb 2. HaBuaHHs epeB pillieHb.
Tema 1. IlpencraBneHHs Ta OCHOBHI TOHSTTSI HABYaHHS
JIEPEB PIllICHb.

Tema 2. Anroput™m ID3 iHayKIii AepeBa pillieHb.

Tema 3. IlepenaBuanHs y nepeBax pimeHb. OcobauBi
BUIIAJKA B HaBYaHHI JepeB pimenb. Anropurmu C4.5,
HaBYaHH JIepeBa perpecii.

3micToBuii Moay.b 3. HapuaHHS HA NPUKJIagAX.
Tema 1. JlinmBe Ta cCTpiMKe HaBYaHHI. Mertoa
“maibmmxdoro cyciga”. Mertom k-NN.

Tema 2. OcobmuBocti 3actocyBanHst K-NN. 3BakeHuit
k-NN.

Tema 3. [HIII MEeTOM HABYAHHA Ha MPUKIIATAX.
3microBuii Moayab 4. BaiieciBcbke (iiMOBipHiCHe)
HABYAHHS.

Tema 1. OcHoBH 0alieCIBCKbOIO HaBYAHHSL.




Tema 2. AaropuTmu: onTUMaIbHUN O0al€eCIBCHKUI
knacudikarop, knacudikarop ['i66ca, anropurm Naive
Bayes.

Tema 3. Knacudikamis TekcTy 3a monomoror Naive
Bayes.

Tema 4. imosipHOCHI GaiteciBchki Mepexi.
3micToBHii MOyIb 5. AHcaMO.1i KJIacupikaTopis.
Tema 1. IloOGynoBa kimacudikaTopiB s aHCAMOIIO.
Meroau bagging, cross-validation, Ada-Boost.

Tema 2. Ipuxian ancam6iro: Random Forest.

Tema 3. O0'ennanHs kIacu(ikaTopiB y aHCAMOITb.
JlunamiuHi oHaiiH-ancam6ui. Aixropurm Weighted
Majority.

3micToBuii MoayJib 6. IHmi Teopii Ta MeTOaM
MAIIMHHOTO HABYAHHSI.

Tema 1. OGuuciroBajibHa TEOpish HABYAHHS.

Tema 2. SAnepni metoau. Support Vector Machines.
Tema 3. HapuanHs npasunam.

Tema 4. Bctyn 10 HaBYaHHS 3 i IKPITUICHHSIM.

Tema 5. [Ipodecii B ramy3i MalltMHHOTO HAaBYAHHS.
BUCHOBKH 3 TUCTIMILITIHH.

11.

KoMmneTeHTHOCTI, 3HaHHS,
BMIiHHS, PO3YMIHHS, SIKUMU
OBOJIOZI€ 3100yBay BUIIO1
OCBITH B MPOII€Ci HABYAHHS

Jucuumiuina crnpusie  (QOpMYBaHHIO Ta PO3BHUTKY
HACTYITHUX KOMIIETEHTHOCTEH:

3K1. 3naTHicTh 10 a0CTPaKTHOTO MHCJICHHS, aHAJII3y Ta
CHHTE3Y.

3K2. 3gatHicTh 3aCTOCOBYBATH 3HAHHS y MPAKTHYHUX
CUTYaIlisIX.

3K4. 31aTHICTh CIIJIKYBATUCS IEP’KaBHOIO MOBOIO SIK
YCHO, TaK 1 MMCbMOBO.

3KS5. 31aTHiCTh CHIIKYBAaTUCS 1HO3EMHOIO MOBOIO.

3K6. 3nmaTHICTP BUMTUCS W OBOJOMIBATH CYyYaCHUMH
3HAHHIMH.

3K10. 3naTHicTh OyTH KPUTHYHUM 1 CAMOKPUTUYHHM.
3K11. 3naTHicTh npuiiMaTi OOIPYHTOBAH1 PIILICHHS.
®K1. 3narHicTh 10 MaTeMaTUYHOTO (OPMYITIOBAHHS
Ta JOCTI/KYBaHHS HENEPEPBHUX Ta IHCKPETHHX
MaTeMaTUYHUX MoJesiel, OOIPyHTOBYBaHHS BHOOpY
METO/IIB 1 MIAXO/IB AJIsl PO3B’sI3yBaHHS TEOPETUUHHUX 1
OPUKIAJHUX 3a/Jad y Taly3l KOMII'IOTEPHHUX HayK,
aHaJli3y Ta IHTEpIpPETyBaHHS.

®K2. 3patHicTh 1O BHUABJIEHHS CTaTUCTUYHUX
3aKOHOMIipHOCTEN HEJIeTePMIHOBAaHHUX SIBUIII,
3aCTOCYBaHHS METOJIB OOYMCIIOBAJIILHOTO 1HTEJEKTY,
30KpeMa CTaTUCTHUYHOI, HEIPOMEPEKEHOI Ta HEYITKOi
00poOKM JaHUX, METO/IB MAIIMHHOTO HaBYaHHS Ta
TE€HETUYHOT0 MPOrpaMyBaHHS TOIIO.

@®K3. 3paTHICTh [0 JOTIYHOTO MUCIEHHS, MOOYIOBH
JIOT1YHUX BUCHOBKIB, BAKOPHCTAHHS (OPMATIBHUX MOB 1
MoJiesiell  aJITOPUTMIYHUX OOYMCIIEHb, MPOEKTYBaHHS,
pO3po0JIeHHsT 1 aHaJi3y aJrOpUTMIB, OIIIHIOBAHHS iX




e(pEeKTHBHOCTI Ta CKJIATHOCTI, pPO3B’A3HOCTI Ta
HEPO3B’SI3HOCTI  ANTOPUTMIYHUX  TpobieM Uit
a/JIeKBaTHOTO MOJIEJIIOBAHHS MpPEIMETHUX obiacTeil 1
CTBOPEHHS IPOrpaMHUX Ta iHOPMAIIHHUX CUCTEM.
@®K7. 3patHicTh 3aCTOCOBYBaTH TEOPETHYHI  Ta
NPakTUYHI ~ OCHOBHM  METOJOJNOrii Ta  TEXHOMNOTIl
MOJICTIFOBaHHSL JIISL  JIOCTIJDKEHHS XapaKTePUCTUK 1
MOBEJIHKU CKIAJAHUX OO’€KTIB 1 CHUCTEM, MPOBOJUTH
O0YHMCITIOBAIbHI €KCTIEPUMEHTH 3 0OpPOOKOIO i aHasi3oM
pe3yJbTaTiB.

@®K11. 3naTHIiCTh A0 IHTENEKTYaJIbHOTO aHANI3y JaHUX
Ha OCHOBI METOJIB OOYMCIIOBAJIBHOIO I1HTEIEKTY
BKJIIOYHO 3 BEJIWKHMH Ta TOTAHO CTPYKTypOBAaHHMHU
JMaHUMH, IXHbOI OMepaTHBHOI OOpOOKHM Ta Bizyamizarii
pe3yJibTaTiB  aHalizy B TMPOLECi  PO3B’sI3yBaHHS
NPUKJIAJIHUX 3a/1a4.

12.

Pe3ynpTatn HaBYaHHS
3100yBava BHILOT OCBITH

[1P4. BuxopucTtoByBaTH METOAM OOYHUCIIOBAIBHOIO
IHTEJIEKTY, MAIlMHHOTO HaBYaHHs, HeWpoMepeKkeBOi
Ta HEYITKOI OOpOOKM JaHWX, TEHETHYHOro Ta
€BOJIOLIMHOTO  NPOrpaMyBaHHSA JJIi  PO3B’SI3aHHS
3a7ia4 po3Mi3HABaHHS, MPOTHO3YBaHHS, Kiacugikarii,
imeHTudikaiii 06’ €KTiB KepyBaHHS TOILIO.

IIP12. 3acTtocoByBaTM METOOUM Ta  aIrOPUTMU
00YHCITIOBATIBHOTO 1HTENEKTY Ta 1HTEJIEKTYaJbHOTO
aHamizy ~ JaHMX B 3ajadax  Kiacuikarii,
NPOTHO3YBaHHs, KJIACTEPHOIO  aHami3y, MOLIYKY
acoIiaTUBHHUX IpaBUII 3 BUKOPUCTAHHSAM
MPOrpaMHUX IHCTPYMEHTIB HiATPUMKHU
0araToOBUMIpHOTO  aHaNli3y JaHUX Ha  OCHOBI
texuojorii DataMining, TextMining, WebMining.

13.

CucreMa OLIHIOBaHHS
BIIOBIAHO JI0 KOKHOI'O
3aBJAaHHS IS CKJIaJaHHs
3aJIiKy/eK3aMeHy

1. CtyneHTH MalOTh BUKOHATH 6 MPAKTHYHUX MPOCKTIB
Ta MPOUTH 6 TECTIB 3 OCHOBHUX 3MICTOBHUX MOIYJIIB.
Bcei Buam poOit omiHoThes y 100-0anpHiil cuctemi.
Ominka 3a cemecTp Ocem OOPaXOBYETHCS SK CEpeaHS
OIIiHKA 31 BCIX BUJIB POOIT.

2. Jlng  WiACYMKOBOTO  KOHTpomo y  ¢opmi
KOMOIHOBAaHOTO ICIIUTYy TiJACYMKOBa OIliHKa Pn
obuncimoerbes 3a Gopmyior: Pr=0,6*Ocent0,4*Oicn,
ne Ocew — OlLliHKA 32 ceMecTp y 100-6anbHiii cucteMi,
Oicn — or1inKa 3a icnmt y 100-0apHil cucreMi.

14.

SIKicTh OCBITHBOTO MIPOLIECY

JloTpuMaHHs TPUHIMIIB aKaJAeMidyHOi 10OpOYeCHOCTI
(http://lib.nure.ua/plagiat). OHOBJICHHS po6oyoi
nporpamu aucuurutiau — 2022 p. BukopuctoByroThCs
Cy4acHI METOJU IHTENEKTYaJbHOTO aHalli3y MaHUX 1
Cy4acHi MOBH IpOTpaMyBaHHs JJIsl aHAJII3y JaHUX.

15.

MertoanyHe 3a0e31eYeHHS

1. KoMmirekc HaBYaIILHO-METOAUYHOIO 3a0€3IeueHHs
HABYAJIBHOI JUCHHIUTIHU «MaluHHe HaBYAHHS» IS
CTYJICHTIB yCiX ()OpM HaBUaHHS 3a CIEMIiaIbHICTIO 122
Komm’rorepni  Hayku, OIII «IlITy4yHuii iHTETEKT»



http://lib.nure.ua/plagiat
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16.

Po3pobnuK cunadycy
(nocana, I1Ib, en. momrra)

O.B. Bitbko, momuent kad. I, k.1.H., gorr..
e-mail: oleksandra.vitko@nure.ua




