Cuta0yc HaBYaJIbHOT AUCIUTUIIHU

Ne Hassa nosst JletanbHUN KOHTEHT, KOMEHTapi

1. Hasga daxynbrery ®daxkynpreT KoM toTepHUX HayK

2. PiBens BuUIOT OCBITH Hpyruii (MaricrepchKuii)

3. Ko i Ha3Ba crieniaabHOCTI F3 Komm’rotepHi Hayku

4. Twum i Ha3Ba OCBITHROT OHII «CucteMu MITYYHOTO IHTEIEKTY
porpaMu

S Haspa mucnurmiiau ['muOuHHE HaBUAHHS JIIS IHTEICKTYaIbHOTO aHATI3Y
(indopmanis 3 LICT) TEKCTIiB

6. Kinekicte €EKTC kpenuTis 5)

7. CTpyKkTypa AMCHUIUTIHUA Jlexii — 30 roauH, MPaKTUYHI 3aHATTS — 24 TOIWHH,
(po3mo i 3a BUIaMHU Ta koHCcynbTamii — 10 romwH, camocrtiiiHa pobota — 86
rOJIMHAMH HaBYaHHS) roanH. CeMeCTpOBHI KOHTPOJIb — 3aIK.

8. I'padik (Tepminm) BuBUeHHST | 2-if pik, 3-i cemMecTp
JACITUTUTIHA

9. [TepenyMoBU 1151 HABYAHHSA Pagime  marorts OyTh  BUBYEHI  JUCIHUIUIIHU:
3a JUCLHHUILTIHOIO OO6uucoBanbHU 1HTENEKT, Moaeni JaHuX Ta 3HaHb B

IHTENEeKTyaJIbHUX 1HpOopMaLITHUX CUCTEMAX,
['mubuHHe HaBUaHHS HEMPOHHUX MEpex
10. AmnoTaIis (3MICT) BubipxoBa nucrumiiHa UUKIy nOpodeciiiHoi  Ta

IUCLIATUIIHYT

MPaKTUYHOI MIATOTOBKK 3a  OCBITHBOIO IPOTPaMoOI0
«CucTteMy ITYYHOTO IHTENEKTY», MICTUTh 3MICTOBI
MOTYJII:

1.  Bcmyn 0o oopooku npupoonoi moeu (Natural
Language Processing, NLP). Kopmoycu TtekcriB,
TOKCHH, THNH. YHIrpamu, Oirpamu, TpUrpam, ...n-
rpamu. Jlemu Ta ocHoBu ciiB. Kareropusaiiis peueHn
Ta JoKyMeHTIB. Kareropusamis ciiB: MapKyBaHHS
yacTUH MoBH. Kareropmsaiiissi Bipi3KIB TEKCTY:
po30uBKa Ha TOpLIi 1 po3IMi3HABaHHS IMEHOBAaHUX
cyrHoctel. Ctpykrypa pedeHb. CeHC 1 ceMaHTHKaA
CIIiB.

2. Buxopucmannus YRepeo;HcyB8anbHUX
HeUPOHHUX mepedxc 01 00poOKU nPUPOOHO-MOBHUX
mexcmie. baratomapoBuii nepuentpon (Multilayer
Perceptron, MLP). Peanizauis MLP y PyTorch.
Bupimenns 3amay  kinacudikamii  mpizBun;  3a
nonomororo MLP. KonBosroriitHi HEHpOHHI Mepexi
(Convolutional Neural Networks, CNN).
Knacudikaris peuens 3a jonomoror CNN.

3. Bknaoenunsa cnie i inwmux munie (Word
Embedding). EdexruBnicts BrmageHb. Iligxomu a0
HaBYaHHS BKJIQJICHHSIM CIIiB. [TpakTrune
3aCTOCYBaHHS MepeIHaBUYCHUX BKIIAJCHb CIIIB.

4.  Mooentosanna nociniooenocmeit 011 o6pooKu
npupoono-moenux mexcmie. PekypeHTHI HEWpOHHI
mepexi (Recurrent Neural Networks, RNN), moznemni
TUTY «KOJTUPOBIIUK-ICKOAUPOBIIUK», KOHTEKCTHO
oOyMOBIJIeHa TeHepallis, JABOHANpaBlIeHI PEKYPEeHTHI




mozeni. OmiHka e(peKTUBHOCTI Mojenell reHeparii
nocuinoBHocTei. HelipoHHuMil MalmMHHUA epekia.
5. Ilepcnekmueni  Hanpamu  3aCMOCYGAHHA
2NIUOUHHO20 HAGUAHHA 01 O00pOOKU NPUpoOHoi
Mmoeu. KoMmosuIist pi3sHHX apXiTeKTyp HEHpOHHHX
MepeX ISl BHUPIMIEHHS 3aaad O0OpOoOKH MPHPOIHO-
MOBHUX TEKCTIB.

11.

KoMIieTeHTHOCTI, 3HAHHS,

BMIHHS, PO3YMIHHSI, SKUMHU
OBOJIOJIIE 37100yBaY BUIIOL
OCBITH B IPOIIEC1 HABYAHHS

Jucrurutina — copusie  GOPMYBaHHIO Ta  PO3BHUTKY
HACTYITHUX KOMIIETEHTHOCTEM ;

3K 1. 3patHicTh 10 abCTPaKTHOTO MHCICHHS, aHAJI3y
Ta CHHTE3Y.

3K 2. 31aTHICTh 3aCTOCOBYBATH 3HAHHS Y IPAKTUYHUX
CUTYAIIIsIX.

3K3. 3paTHICTh CHUIKYBATUCS I€PKaBHOIO MOBOIO SIK
YCHO, TakK 1 MMCbMOBO.

3K4. 31aTHICTh CIUIKYBaTUCS IHO3EMHOIO MOBOIO.

3KS5. 3aaTHICTh BUMTHCS 1 OBOJIOAIBATH CYYaCHUMU
3HAHHSMHU.

3K7. 3naTHICTh TeHepyBaTH HOBI i1€i (KpeaTUBHICTB).
OK1. Po3ymiHHS TEOpPETUYHHUX 3acajl KOMIT IOTEPHHUX
HayK JUIsi 00’€KTUBHOIO OLIHIOBAHHS MOKJIMBOCTEN
BUKOPHUCTAHHS OOYHCIIIOBAJIIbHOT TEXHIKHM B IEBHHUX
mporecax — JIFOACHKOT  JISTIBHOCTI 1 BU3HAYCHHS
MEePCIEKTUBHUX 1H(POPMAIHHUX TEXHOJIOTIH.

®KS8. 3gaTHICTh 3aCTOCOBYBATH ICHYIOU1 1 PO3POOISTH
HOBI aJITOPUTMHU pO3B’A3yBaHHSA 3aJad y Talys3i
KOMIT'IOTEPHUX  HayK:  aJfOPUTMU  PO3B’SI3aHHS
OOYHUCIIOBAIBHUX Ta JIOTTYHUX 3aJay, aJIrOpuTMU
napajesbHUX Ta PO3MOJIUIEHUX O0UMCIIeHb, arOPUTMU
aHATITHYHOI OOpOOKM M IHTENIEKTYaJbHOIO aHaII3y
BEIIMKMX JaHUX 3 OI[HKOKW iX e(QeKTHBHOCTI Ta
CKJIQTHOCTI.

®K14. 3patHiCT, BUSBIATA MPOOJEMHI CHUTyallii B
mpoIrieci eKcIuTyaraiii MporpaMHOTO 3a0e3MeueHHs 1
dbopmynroBaTH 3aBAaHHSA A Woro moaudikarii abo
PEIHKHUHIPUHTY.

@®K15. 3parHicTe aHami3yBaTHM  CydacHI  CBITOBI
TEHJCHIII] PO3BUTKY KOMIT IOTEPHUX HAyK Ta YSBIATU
NEPCIEeKTUBH PO3BUTKY 1H(OPMAIIHUX TEXHOJIOTIH,
MOJIETIIOBATH TMPOIECH PO3BUTKY 1 TpaHcdopmarii
1HpOpMalifHO-KOMYHIKaIITHUX TEXHOJIOT1H B
NpaKkTU4HiN npodeciiiHii poOoTi.

®K17. 3natHicTh 10 aHami3y 0i0miorpadiyHuX JHKepen
y BIAMIOBIHOCTI J0 MEBHOT HAYKOBO-TEXHIUHO1 3a1aui:
BMITH ITPOBOJUTH TOIIYK 1 HOPIBHSUIBHUIN aHAMI3
610miorpadiuHuX JpKepen Y BIAMOBIAHOCTI A0
MOCTaBJIEHOT METH, BU3HAYATH HETIOBHOTY HABHOT
HAYKOBO-TEXHIYHO1 iH(opMaIii.

OK18. 3paTtHICTP 10 TPEACTABICHHS  HAYKOBUX
pe3yJbTaTIB: 3HATH CTAHAAPTU 1 BUMOTHU JI0 HAyKOBO-




TEXHIYHUX TEKCTIB y Taly3l KOMIT IOTEpPHUX HayK,
BMITH LUTyBaTH Oibmiorpadiuni mkepena, po3ymitu
BHUMOTH JI0 aKaJIeMI9HO1 JJOOPOUYECHOCTI.

12.

Pe3ynbraT HaBuaHHS
3100yBava BUIIO1 OCBITH

[MPHI. InenTudikyBaTH TMOHATTS, QJITOPUTMHU Ta
CTPYKTYpU JaHUX HEOOXIigHI JUIsl OMUCY MPEeIMeTHOT
obnacti po3poOku abo JOCTHDKEHHS; 3a0e3MeunuTH
JCKOMITO3UIIII0  MOCTABIEHOI 3a7a4i 3  METOH
3aCTOCYBaHHS

ITPH 2. OOwupaTn HaJeKHI 3aCO0H I pO3POOKH
abo mocmipkeHHs (MOBa IpPOTpPaMyBaHHS, MPOTPaMHE
3a0e3neueHHs ), MO J03BOJIAIOTh 3HANTH IMpaBHIIBHE i
e(eKTUBHE PIILICHHS.

[TPH3. AmnanizyBaté NMpPOMDKHI PE3yJIbTaTH PO3pPOOKH
a00 TOCHTIKEHHS 3 METOIO 3SICYBaHHS X BIIMOBITHOCTI
BUMOTaM; pO3pOOJSATH TECTH Ta BUKOPHUCTOBYBATH
3acobu Bepuikaiii, MO0 NepeKoHaTHCs y SKOCTI
NPUMHSTHUX PIIIEHb.

[IPH6. BusnauaTu, OliHIOBaTH Ta MOPIBHIOBATH pPI3HI
TEXHOJIOT1l (METOIM, MOBH, aIrOPUTMHU, Tpadiku pooiT)
3 METOI0 BCTAHOBJIEHHS MPIOPUTETIB y BIAMOBIAHOCTI 3
PI3HUMH KpUTEPISIM MPOAYKTUBHOCTI Ta SIKOCTI, IIO
BHU3HAYCHI 3aBJIaHHSIM.

[IPH7. Bonoxitu mnpuHUOMIAMH, TEXHIKAaMU Ta
3acobamMu  po3poOku  abo  AOCHDKEHHs, IO
BUKOPUCTOBYIOTBCS y TMPEIMETHIH 00JacTi po3poOKu
abo IOCHIIKEHHS CTBOPIOBATH MPOTOTHUITN
MPOrpaMHOTO 3a0e3MEeUeHHs], MO0 MEePEeKOHATHUCS, IO
BOHO BIJIMIOBiJa€ BUMOTaM J0 PO3pOOKH; BHKOHYBATH
HOoro TecTyBaHHS 1 CTaTUYHUN  aHami3, 1100
MEPEKOHATUCSA Y BIAMOBITHOCTI 3aBAaHHIO PO3POOKH
a00 IOCIIDKEHHS.

[TPH11. KopucryBatuce JOKYMEHTAITIEF0 1
JTOBIAKOBMMH  MaTepiajaMu,  IMAPyYHUKAMH YU
MOCIOHMKAMU 3 PO3POOKHU MPOrPaMHOTO 3a0e3MEeUEHHS;
BMITH THCAaTH TEXHIYHI 3BITH 1 MPE3CHTYBATH
pe3ynpTaTH CBO€1 pPOOOTH SK JEpKaBHOIO Tak 1
1HO3€MHOI0 MOBaMH.

[IPH14. BMiTH OpOBOAUTH MOWIYK 1 MOPIBHSUIBHUN
aHaniz OibmiorpadiyHUX JpKepen Yy BIOMNOBIAHOCTI /0
MOCTABJIEHOT METH, BHU3HA4YaTH HEMOBHOTY HAasBHOI
HAyKOBO-TEXHIYHOT iH(pOpMAaIIii.

[TPH15. AmnanidyBaT cyd4acHi CBIiTOBI TeHIEHIII]
PO3BUTKY  KOMITIOTEPHHX  HAyK Ta  YSBIATH
NEePCHEKTUBH PO3BUTKY 1H(POPMALIIITHUX TEXHOIOTIH.
[TPH16. 3natu cTanmaptTd 1 BUMOTH JO HayKOBO-
TEXHIYHUX TEKCTIB y Taly3i KOMII IOTEPHHX HayK,
BMITH LUTYyBaTH Oi0miorpadiuHi mxepena, po3yMiTu
BHUMOTH JI0 aKaJIeMI9HOi TOOPOYECHOCTI.

13.

CucreMa OLIHIOBAaHHSA
BIJIOBIIHO O KOKHOTO
3aBIaHHA I CKIAaJaHHs

1. IuauBigyanbHi 3aBJaHHS, CTYACHTCHKI Tpe3eHTaIlil
Ta BUCTYIH y HAYKOBUX 3aX0/1aX.
2. JIng migcyMKOBOTO KOHTPOJIO Yy (opMi 3aiiky




3aJIiKy/eK3aMeHy

JUISL OL[IHIOBaHHS pOOOTH CTYJCHTA MPOTATOM CEMECTPY
BUKOPUCTOBYIOTh MIJICYMKOBY PpEHTHHIOBY OIIHKY
Pn=Ocem. OuiHKy 3a ceMecTp OOYHCIIOIOTH SIK CyMy
OIIHOK 3a pi3Hi BUAM 3aHATh. [lincymMKoBa pedTHHroBa
omiHka 3a ceMecTp oOuncmoersesi y 100-GanpHii
CHCTEMI.

14.

SIKiCTh OCBITHBOTO TIPOTIECY

JloTpyMaHHS TPUHIMIIB aKaIeMidHO1 10OpOYecHOCTI
(http://lib.nure.ua/plagiat). OHoBIIeHHS ~ po0OoUOl
nporpamu guctuiniind — 2021 p. BUKOpuCTOBYIOTBCS
CyJacHe IHTEpaKTHBHE XMapHe cepenoBuiie Google
Colab Tta wmoBu mnporpamyBanHs Python, cyu4acHi
maThopMu ISl  BEJIMKOMACIITAOHUX OOYMCIIEHb B

MAaITMHHOMY Ta TJMOMHHOMY HaB4aHHI TensorFlow,
PyTorch.

15.

Meroanyne 3a0e3neueHHs

1. KoMIiekc HaBYaJIbHO-METOJIUYHOr0o 3a0e3reueHHs
HaBYaJIbHOT AUCUMIUIIHU «[ TMOMHHE HaBYaHHS JUIs
IHTENIEKTYaJIbHOTO aHaNi3y TEKCTIB» JUIsl CTY/AEHTIB
ycix ¢opM HaB4YaHHS 3a CHEIliaJbHICTIO 122
Komm’rorepni nHayku, OHII «Cucremun mrydyHoro
inrenekty» [Enexrponnuit pecypc] / XHYPE; po3po6.
Ps6osa H.B. -X. XHVYPE, 2021.- 28 c.

16.

Po3po6uuK cunabycy
(nmocana, I11b, en. morrra)

H.B. Ps6oBa, npodecop kad. I, k.1.H., mo1r..
e-mail: nataliya.ryabova@nure.ua
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